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Abstract This paper considers output peak controller design for discrete nonhomo-
geneous Markov jump systems under unit-energy disturbance. The mode-dependent
output peak feedback controller is designed to ensure that the resulting closed-loop
system is stochastically stable and the peak of the output is within a specified range.
Furthermore, the optimal energy-to-peak gain indices of the mode-dependent and the
mode-independent state feedback controllers are evaluated and compared. A numeri-
cal example is presented to illustrate the applicability of the results obtained.
Keywords Output peak control · Nonhomogeneous Markov jump system ·
Unit-energy disturbance
1 Introduction
The structures and parameters in many engineering systems tend to vary due to random
variations caused by changes in subsystem interconnection, loss of communication,
or sensor failures. These phenomena are known as “switching”. It often occurs when
a cluster of systems is involved, especially for Networked control systems (NCSs)
[16–18]. Switched systems have been extensively studied in the past 20 years. See
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[25,27] for model reduction, and [26] for asynchronous control. Among switched
systems, linear Markov jump systems (MJSs) belong to a special class of stochastic
switched systems where the switching is driven by a Markov process. The transition
probability (TP), a crucial factor in a Markov process (or chain), determines the behav-
ior and performance of the linear MJS. This type of system has been studied under
the assumption that the TP is fixed or partially unknown for over two decades and
some systematic results are now available (see [13] for control, [20] for gain schedul-
ing, [14] for sliding mode control, [15] for 2-D Markov system, [2,12] for filter, [6]
for finite-time control, and [22] for partly unknown transition probability). However,
these works are under the assumption that the TP is homogeneous, i.e., the underlying
Markov process (or chain) is time invariant. In reality, this assumption may not be
satisfied. A typical example can be found in networked control systems, where the
delay as well as the packet loss is distinct at different time intervals [7]. Thus, the
TP matrix keeps varying throughout the whole time horizon of the control system. In
this case, the TP is time varying, and hence the underlying Markov process (or chain)
is nonhomogeneous [8]. Similar phenomena are also observed in many engineering
systems, such as electronic circuits [5]. Thus, there is an urgent need to develop new
theories and methodologies for dynamical systems with nonhomogeneous TP. It has
attracted an increased interest among the control community, and consequently, some
important results have been obtained. See, for example, [1,21]. More precisely, a two-
level nonhomogeneous Markov chain, which involves arbitrary variation as well as
stochastic variation, is considered in [21]. A feasible and effective scheme to estimate
a time-varying uncertainty by using a bounded convex polyhedron is proposed in [1].
The model considered in [21] is a special case of that considered in [1], where suf-
ficient conditions for stochastic stability of the nonhomogeneous Markov system are
derived.
On the other hand, external disturbances always exist in real life [3]. In fact, it is
a detrimental factor causing the reduction of the performance of a controller. Thus,
controller design with disturbance has always been an active research topic in the
control community. Many control problems can be equivalently transformed into the
controller design problems using the index of “energy-to-peak gain”, “l2 − l∞ gain”,
or “generalized H2 performance” [9–11]. The goal is to ensure that the feedback
system is internally stable, while the closed-loop mapping from the disturbance to the
controlled output is small. In this way, disturbance rejection as well as specifications
of robustness will both be achieved. During the past decade, many results focusing on
external disturbances for MJS have been reported (see [4,23,24] for H∞ control and
filtering, [19] for model reduction), where the H∞ index is widely used to evaluate
the input-output performance of the system under l2 disturbance.
In this paper, we consider an important class of problems, where the objective is
to design an output peak controller for nonhomogeneous Markov jump systems in the
form of [1] under unit-energy disturbance such that the output amplitude stays within
a certain range. Furthermore, a sufficient condition is derived for the design of a output
peak controller which will ensure that the output peak performance is satisfied.
The rest of the paper is organized as follows: In Sect. 2, the dynamical model of the
system is defined and the purpose of the paper is stated. Section 3 gives the definitions
of stochastic stability and output peak performance. In Sect. 4, a sufficient condition
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expressed in terms of LMIs is derived for the design of the output peak controller for
the nonhomogeneous Markov system. In Sect. 5, a numerical example is provided to
illustrate the applicability of the results obtained, and finally, Sect. 6 concludes the
paper.
Notations. In the sequel, the notation Rn stands for an n-dimensional Euclidean
space, the transpose of the matrix A is denoted by A, E{·} denotes the mathematical
statistical expectation of a stochastic process or vector, ln2 [0,∞) stands for the space
of n-dimensional square summable vector-valued functions over [0,∞), a positive-
definite matrix is denoted by P > 0, I is the unit matrix with appropriate dimension,
and ∗ means the symmetric term in a symmetric matrix.
2 Problem Statement and Preliminaries
Let (M, F, P) be a probability space, where M , F , and P represent, respectively, the
sample space, the σ -algebra of events, and the probability measure defined on F . We
consider the following discrete-time MJS:
{
xk+1 = A(rk)xk + B1(rk)wk + B2(rk)uk
zk = C(rk)xk + D(rk)uk (2.1)
where xk ∈ Rn is the state vector of the system, uk ∈ Rm is the input vector of the
system, zk ∈ R p is the controlled output vector of the system, and wk is the external
disturbance vector of the system. {rk, k ≥ 0} is a discrete-time Markov stochastic
process which takes values in a finite state set Γ = {1, 2, 3, . . . , σ }, and r0 represents
the initial mode, the transition probability matrix is defined as: Π(k) = {πi j (k)}, i ,
j ∈ Γ , πi j (k) = P(rk+1 = j |rk = i) is the transition probability from mode i at
time k to mode j at time k + 1, which satisfies πi j (k) ≥ 0 and
σ∑
j=1
πi j (k) = 1. For
given vertices Π s(k), s = 1, . . . , N , the time-varying transition matrix (k) of the











Hence, the nonhomogeneous transition probability matrix of system (2.1) belongs to
a polytope described by its vertices. It is noted that if (k) is a constant matrix, the
system becomes a homogeneous MJS. For brevity, when rk = i , i ∈ Γ , the matrices
A(rk), B1(rk), B2(rk), C(rk), D(rk), H(rk), and K (rk) are denoted as Ai , Bi1, Bi2,
Ci , Di , and Ki .
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To proceed further, we need some preliminaries.
Definition 2.1 For any initial mode r0, and a given initial state x0, the discrete-time





xk xk |x0, r0} < ∞ (2.3)
Lemma 2.1 Let M and N be positive definite symmetric matrices. Then,
M + M − N ≤ M N−1 M
Proof Since N is a positive definite symmetric matrix, we have
(M − N )M−1(M − N ) ≥ 0




 − M − M + N ≥ 0
This completes the proof.
Definition 2.2 The disturbance wk is said to be a unit-energy disturbance if the fol-
lowing condition is satisfied:
T∑
k=0
wk wk ≤ (2.4)1
3 Stochastic Stability and Output Peak Performance
In this section, the focuses are to discuss stochastic stability and output peak perfor-
mance of system (2.1).
Lemma 3.1 [1] Consider system (2.1) (uk = 0 and wk = 0). Suppose that there

















Then, system (2.1) with nonhomogeneous TP defined by (2.2) is stochastically stable.
Theorem 3.1 Consider system (2.1) (uk = 0 and x0 = 0) with nonhomogeneous TP
defined by 2.2. Suppose that for a given γ > 0, there exist symmetric positive definite











αs(k + 1)π si j Psj
)
Ai − Psi Ai Bi1
−∗ I + Bi1
σ∑
j=1







[−Psi Ci−∗ γ 2 I
]
< 0 ∀i ∈ Γ (3.3)
Then, system (2.1) with unit-energy disturbance defined by (2.4) is stochastically stable
and a prescribed output peak performance index γ , i.e., sup E{‖z(T )‖} < γ , is
satisfied.
Proof Construct a potential Lyapunov function as





i xk (i ∈ Γ )
Then,
V (xk, i, αk)









αs(k)βq(k + 1)π si j Pqj
⎞














αs(k)βq(k + 1)π si j Pqj
⎞








 = V (xk, i, αk) − wk wk = ςk 1ςk
where ςk = [xk wk ], and 1 is defined in (4.12). Thus, under the assumption





xk xk |x0, r0} < ∞. The system is stochastically stable.
To establish the output peak performance for system (2.1), let us consider the
following performance index J = E{‖z(T )z(T )‖}. If (4.12) holds, then  < 0, i.e.,
V (xk, i, αk) − wk wk < (3.4)0
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under zero initial condition, (i.e., V (xk, rk, αk)|k=0 = 0). Taking sum on both sides




V (xk, rk, αk)] = E[V (xT , rT , αT )] − V (x0, r0, α0)
≤ E[V (xT , rT , αT )] <
T∑
k=0
wk wk ≤ (3.5)1
If (3.3) holds, then it follows from (3.5) that
E{‖z(T )z(T )‖} = xk C







i xk = γ 2V (xT , rT , αT ) < γ 2
(3.6)
which implies that
sup E{‖z(T )‖} < γ,∀T > (3.7)0
This means that system (2.1) is stochastically stable and a prescribed output peak
performance index γ is satisfied. This completes the proof.
4 Output Peak Controller Design
In order to suppress the effect of the disturbances, we will design a mode-dependent
state feedback controller for system (2.1) under unit-energy disturbance, such that the
peak amplitude of the output stays below a specified level.
Now, we are ready to present our main results as given below:
Theorem 4.1 Consider system (2.1) with initial condition x0 = 0 and nonhomoge-
neous TP defined by 2.2. Suppose that for a prescribed γ > 0, there exist a suitable
mode-dependent state feedback controller uk = Ki xk and symmetric positive definite










αs(k+1)π si j Psj
)











[−Psi (Ci + Di Ki )−∗ γ 2 I
]
< 0 ∀i ∈ Γ (4.2)
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Then, system (2.1) under the unit-energy disturbance defined by (2.4) is stochastically
stable and the prescribed output peak performance index γ , i.e., sup E{‖z(T )‖} < γ ,
is satisfied.
Proof Consider the mode-dependent state feedback controller uk = Ki xk . Then,
system (2.1) can be rewritten as
{
xk+1 = (Ai + Bi2 Ki )xk + Bi1wk
zk = (Ci + Di Ki )xk (4.3)
Construct a potential Lyapunov–Krasovskii function for system (2.1), expressed in
terms of symmetric positive definite matrices Psi , as given below:





i xk (i ∈ Γ )
Apply Theorem 3.1, where the feedback controller uk = Ki xk is used. Substituting
Ai and Ci by (Ai + Bi2 Ki ) and (Ci + Di Ki ), respectively, it follows that 3 < 0
and 4 < 0 will guarantee that system (4.8) is stochastically stable and a output peak










αs(k+1)π si j Psj
)











[−Psi (Ci + Di Ki )−∗ γ 2 I
]
< 0 ∀i ∈ Γ (4.5)
This concludes the proof.
Remark 4.1 Theorem 4.1 provides a conceptional method for the design of a mode-
dependent state feedback controller under which system (4.8) is stochastically stable
and the output peak performance index γ is satisfied. Next, the results of Theorem 4.2
will be formulated in terms of LMIs.
Theorem 4.2 Controller design under prescribed output peak index
Consider the discrete-time MJS with nonhomogeneous TP defined by 2.2 with zero
initial condition x0 = 0 and unit-energy disturbance ∑Tk=0 wk wk ≤ 1. Suppose that





Qsi − (Gi ) − Gi 0
√
π si1(Ai Gi +Bi2 Ri ) . . .
√
π siσ (Ai Gi +Bi2 Ri )−∗ I √π si1 Bi1 . . . √π siσ Bi1−∗∗ Qq1 00








Qsi − (Gi ) − Gi (Ci Gi + Di Ri )−∗ γ 2 I
]
< (4.7)0
Then, system (4.8) under the mode-dependent state feedback controller uk = Ki xk is
stochastically stable and the output peak performance index γ , i.e., sup{E ‖z(T )‖} ≤
γ , is satisfied, where the controller gains are given by Ki = Ri (Gi )−1 and Qsi =
(Psi )
−1.
Proof Consider a mode-dependent state feedback controller uk = Ki xk . Then, system
(2.1) under such a feedback controller can be rewritten as
{
xk+1 = (Ai + Bi2 Ki )xk + Bi1wk
zk = (Ci + Di Ki )xk (4.8)
By Schur complement Lemma, the two matrix inequalities involved in (4.4) and (4.5)






π si1(Ai + Bi2 Ki ) . . .
√
π siσ (Ai + Bi2 Ki )−∗ I √π si1 Bi1 . . . √π siσ Bi1−∗∗ Qq1 00





Note that 7 < 0 is equivalent to (Ĝsi1)




−(Gi ) Psi Gi 0
√
π si1(Gi )
(Ai +Bi2 Ki ) . . .
√
π siσ (Gi )




















Gi I I . . . I
}
From Lemma 2.1, it follows that
(Gi )




Qsi − (Gi ) − Gi 0
√
π si1(Ai Gi +Bi2 Ri ) . . .
√
π siσ (Ai Gi +Bi2 Ri )
−∗ I √π si1 Bi1 . . . √π siσ Bi1
−∗∗ Qq1 00





Let Ri = Ki Gi . Then, it is easy to show that the condition 5 < 0 in (4.16) implies
8 < 0. Similarly, 4 < 0 is equivalent to
4 =
[−Psi (Ci + Di Ki )−∗ γ 2 I
]
< 0 ∀i ∈ Γ (4.12)
or equivalently (Ĝsi2)
4Ĝsi2 < 0, i.e.,
9 =
[−(Gi ) Psi Gi (Ci Gi + Di Ri )−∗ γ 2 I
]
< 0 (4.13)
By Lemma 2.1 and Schur complement Lemma, it follows that 9 < 0 is guaranteed





This completes the proof.
Remark 4.2 By examining the set of the coupled matrix inequalities in Theorem 4.1,
we see that it is not easy to be solved directly. To overcome the difficulty, we introduce
slack variables Gi . In this way, it becomes a problem of finding a feasible solution to
a LMI.
The following corollary follows readily from Theorem 4.2.
Corollary 4.1 Controller design under optimal output peak index
Consider the discrete-time MJS (2.1) under unit-energy disturbance
∑T
k=0 wk wk ≤
1 with nonhomogeneous TP defined by 2.2 and zero initial condition x0 = 0. . Suppose
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that there exists a set of positive definite symmetric matrices Gi , Ri , Qsi , such that the






Qsi − (Gi ) − Gi 0
√
π si1(Ai + Bi2 Ri ) . . .
√
π siσ (Ai Gi + Bi2 Ri )
−∗ I √π si1 Bi1 . . . √π siσ Bi1
−∗∗ Qq1 00







Qsi − (Gi ) − Gi (Ci Gi + Di Ri )−∗ γ 2 I
]
< (4.16)0
Then, system (2.1) under the mode-dependent state feedback controller uk = Ki xk
with Ki = Ri G−1i and Qsi = (Psi )−1 is stochastically stable and the optimal (mini-
mum) output peak performance index γ , i.e., sup{E ‖z(T )‖} < γ , is satisfied.
Remark 4.3 Theorem 4.2 and Corollary 4.1 present, respectively, the methodologies
for mode-dependent controller design under the prescribed output peak index and
that under the optimal output peak index. When the state feedback gain matrix is not
dependent on the mode, it becomes a mode-independent feedback controller.
5 Illustrative Example































C1 = [1 0] , C2 = [0.2 0.5] , D1 = 0.5, D2 = 0.3





































The initial state is x0 = [0 0] and the unit-energy disturbance is given by
wk :=
{
0.3sin(k), i f 0 ≤ k ≤ 5,
0, others,
By Theorem 4.2, we obtain the mode-dependent gain matrices K1 = [−1.6228
−0.1978] , K2 = [−0.4958 − 1.1693] and mode-independent gain matrices K =
[−1.0818 − 0.4531].
The state trajectories x1, x2 are shown in Figs. 1 and 2, and the output of the
system is shown in Fig. 3. We can see that the amplitude of the system output z under
the designed mode-dependent state feedback controller is less than the prescribed
output threshold value γ = 0.5 (the purple line), while the index γ = 0.5 under the
mode-independent state feedback controller is not satisfied (the red dot dash line).
This implies that the mode-dependent controller can better suppress the effect of
disturbance when compared with the mode-independent controller. Actually, we can
apply Corollary 4.1 to obtain the optimal (minimum) output peak performance index
under mode-dependent as well as mode-independent state feedback controller. The
details are presented in Table 1. The optimal (minimum) output peak performance
index under mode-independent state feedback controller is γ = 0.5757. Clearly, the
prescribed index γ = 0.5 under mode-independent state feedback is not satisfied.
This is because mode-independent controller does not adequately utilize the mode
transition information, and consequently the results obtained tend to be not as good
as that under a mode-dependent state feedback controller.
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Fig. 2 State trajectories x2




















Fig. 3 Output of the system
Table 1 Optimal output peak





In this paper, the issue on the output peak controller design for nonhomogeneous
Markov jump system is addressed, where the nonhomogeneous transition probabil-
ity matrix is described as a polytope. By introducing appropriate slack variables, an
optimization problem is formulated where its constraints are expressed in terms of
2805
LMIs. The simulation results show the potential of the proposed techniques. The
results obtained appear to be extendable to nondeterministic switched systems. This
is a future research topic.
Acknowledgments This work was partially supported by National Natural Science Foundation of China
(61273087), Program for Excellent Innovative Team of Jiangsu Higher Education Institutions, Jiangsu
Higher Education Institutions Innovation Funds (CXZZ12−0743), the Fundamental Research Funds for the
Central Universities (JUDCF12029), 111 project (B12018), and a Discovery research grant form Australian
Research Council.
References
1. S. Aberkane, Stochastic stabilization of a class of nonhomogeneous Markovian jump linear systems.
Syst. Control Lett. 60(3), 156–160 (2011)
2. H. Dong, Z. Wang, D. Ho, H. Gao, Robust H-infinity filtering for Markovian jump systems with
randomly occurring nonlinearities and sensor saturation: the finite-horizon case. IEEE Trans. Signal
Process. 59(7), 3048–3057 (2011)
3. H. Gao, X. Li, H∞ filtering for discrete-time state-delayed systems with finite frequency specifications.
IEEE Trans. Autom. Control 56(12), 2935–2941 (2011)
4. H. Gao, X. Li, X. Yu, Finite frequency approaches to H∞ filtering for continuous-time state-delayed
systems, CDC-ECE, 2583–2588 (2011).
5. A. Guillerna, M. Sen, A. Quesada, A multimodel scheme control for a tunnel-diode trigger circuit, in
13th IEEE mediterranean electrotechnical conference, Spain
6. S. He, F. Liu, Observer-based finite-time control of jump systems. Appl. Math. Comput. 217(6), 2327–
2338 (2010)
7. Internet traffic report (2008). http://www.internettrafficreport.com
8. M. Iosifescu, Finite Markov Processes and Their Applications (Wiley, Bucharest, 1980)
9. X. Li, H. Gao, A delay-dependent approach to robust generalized H-2 filtering for uncertain continuous-
time systems with interval delay. Signal Process. 91(10), 2371–2378 (2011)
10. R. Palhares, P. Peres, Robust filtering with guaranteed energy-to-peak performance—an lmi approach.
Automatica 36(6), 851–858 (2000)
11. M. Rotea, The generalized H2 control problem. Automatica 29(2), 373–385 (1993)
12. P. Shi, E.K. Boukas, R. Agarwal, Kalman filtering for continuous-time uncertain systems with Markov-
ian jumping parameters. IEEE Trans. Autom. Control 44(8), 1592–1597 (1999)
13. P. Shi, E.K. Boukas, R. Agarwal, Control of Markovian jump discrete-time systems with norm bounded
uncertainty and unknown delay. IEEE Trans. Autom. Control 44(11), 2139–2144 (1999)
14. P. Shi, Y. Xia, G. Liu, D. Rees, On designing of sliding mode control for stochastic jump systems.
IEEE Trans. Autom. Control 51(1), 97–103 (2006)
15. L. Wu, P. Shi, H. Gao, C. Wang, Robust H-infinity filtering for 2-D Markovian jump systems. Auto-
matica 44(7), 1849–1858 (2008)
16. Y. Xia, J. Yan, P. Shi, M. Fu, Stability analysis of networked control systems with quantized feedback
inputs and measurements. IEEE Trans. Ind. Inform. 9(1), 313–324 (2013)
17. R. Yang, G. Liu, P. Shi, C. Thomas, Predictive output feedback control for networked control systems.
IEEE Trans. Ind. Electron. 61(1), 512–520 (2013)
18. R. Yang, P. Shi, G. Liu, H∞ filtering for discrete-time networked nonlinear systems with mixed random
delays and packet dropouts. IEEE Trans. Autom. Control 56(11), 2655–2660 (2011)
19. W. Yang, L. Zhang, P. Shi, Y. Zhu, Model reduction for a class of nonstationary Markov jump linear
systems. J. Frankl. Inst. 349(7), 2445–2460 (2012)
20. Y. Yin, P. Shi, F. Liu, Gain-scheduled robust fault detection on time-delay stochastic nonlinear systems.
IEEE Trans. Ind. Electron. 58(10), 4908–4916 (2011)
21. L. Zhang, H∞ estimation of discrete-time piecewise homogeneous Markov jump linear systems.
Automatica 45(11), 2570–2576 (2009)
22. L. Zhang, E.K. Boukas, Mode-dependent H∞ filtering for discrete-time Markovian jump linear systems
with partly unknown transition probabilities. Automatica 45(6), 1462–1467 (2009)
2806
23. L. Zhang, E.K. Boukas, H∞ control for discrete-time markovian jump linear systems with partly
unknown transition probabilities. Int.l J. Robust Nonlinear Control 19(8), 868–883 (2009)
24. L. Zhang, E. Boukas, H∞ control of a class of extended Markov jump linear systems. Int. J. Control
82(2), 343–351 (2009)
25. L. Zhang, P. Shi, l2 − l∞ model reduction for switched LPV systems with average dwell time. IEEE
Trans. Autom. Control 53(10), 2443–2448 (2008)
26. L. Zhang, P. Shi, Stability, l2 − gain and asynchronous H∞ control of discrete-time switched systems
with average dwell time. IEEE Trans. Autom. Control 54(9), 2193–2200 (2009)
27. L. Zhang, P. Shi, E.K. Boukas, C. Wang, H∞ model reduction for uncertain switched linear discrete-
time systems. Automatica 44(11), 2944–2949 (2008)
